Summary. -Existing evidence on the impacts of parental education on child nutrition is plagued by both internal and external validity concerns. In this paper we try to address these concerns through a novel econometric analysis of 376,992 preschool children from 56 developing countries. We compare a naïve least square model to specifications that include cluster fixed effects and cohort-based educational rankings to reduce biases from omitted variables before gauging sensitivity to sub-samples and exploring potential explanations of education-nutrition linkages. We find that the estimated nutritional returns to parental education are: (a) substantially reduced in models that include fixed effects and cohort rankings; (b) larger for mothers than for fathers; (c) generally increasing, and minimal for primary education; (d) increasing with household wealth; (e) larger in countries/regions with higher burdens of undernutrition; (f) larger in countries/regions with higher schooling quality; and (g) highly variable across country sub-samples. These results imply substantial uncertainty and variability in the returns to education, but results from the more stringent models imply that even the achievement of very ambitious education targets would only lead to modest reductions in stunting rates in high-burden countries. We speculate that education might have more impact on the nutritional status of the next generation if school curricula focused on directly improving health and nutritional knowledge of future parents.
INTRODUCTION
Stunting contributes to overall child mortality and also reduces the productivity of survivors when they enter the workforce (Hoddinott, Alderman, Behrman, Haddad, & Horton, 2013) . Thus, there is a strong economic as well as humanitarian rationale for improving nutrition. However, one authoritative estimate suggests that scaling up proven effective nutrition-specific interventions in the world's most malnourished countries would only reduce stunting globally by 20% . Therefore, additional actions in ''nutrition-sensitive" sectors will be critical components of any global strategy to eliminate undernutrition (Ruel & Alderman, 2013) . Among these, education absorbs the largest share of the development budget in low-and middle-income countries, at just over a third (IFPRI, 2014) .
The scale of education investments, of course, would avail nutritional health little if the investments did not have a sizeable impact on undernutrition. But although there has been extensive research on the associations between the education of adults and the health status of the next generation (Behrman & Wolfe, 1984; Behrman & Wolfe, 1987; Desai & Alva, 1998; Duflo and Breirova, 2004; Fafchamps & Shilpi 2014; Headey 2013; Thomas, Strauss, & Henriques, 1991) , obtaining rigorous experimental evidence, which would permit stronger causal interpretation, is challenging. Impact evaluations would need to track the intergenerational effects of randomized education investments and cover a range of education levels.
1 Exploiting natural experiments is therefore a more common research strategy, though these too have limitations (Card, 2001) . Perhaps unsurprisingly, then, the literature on the child health impacts of parental education is still characterized by several longstanding controversies.
The first is whether there is a threshold or minimum amount of education necessary to have measureable impacts on nutrition. This is important since many countries are now close to reaching the much lauded target of universal primary education although this progress has not yet translated to universal primary completion in many low-income settings (World Bank, 2016 ). Yet non-linear returns to education may emerge from many factors: primary and secondary schools might vary greatly in quality and in impacts on nutritional knowledge, labor force outcomes and marriage market outcomes; secondary schooling for girls, but not boys, might postpone childbearing; and education may complement or substitute for other factors, such as household wealth or women's empowerment. Thus, there is value in assessing non-linear impacts of education across a heterogeneous group of developing countries.
A second related question is whether maternal education yields greater health benefits for the next generation than paternal education.
2 Although many developing countries make extra efforts to keep girls in school, the evidence on there being greater social returns to maternal education remains controversial. Basic multivariate analysis typically suggests that, in developing countries especially, maternal education has stronger child health and nutritional associations than paternal education (Desai & Alva, 1998; King, Klasen, & Porter, 2008; Vollmer, Bommer, Krishna, Harttgen, & Subramanian, 2016) . It is also widely perceived that women on average wish to have fewer children than men (Ashraf, Field, & Lee 2014) , 3 and that mothers devote more resources to their children than fathers do (Yoong, Rabinovich, & Diepeveen, 2012) . On this basis many international development institutions have strongly advocated investing in women's education (Summers 1992; King et al., 2008; World Bank, 2012) , and development targets often include gender parity in education outcomes as a stated goal. 4 However, more nuanced economic analyses argue that the least squares estimates of the effects of maternal education on child health are likely to be more biased than the corresponding estimates for paternal education in environments characterized by discrimination against women. Intuitively, in a discriminatory environment it is only mothers with innate ability or exceptional childhood circumstances (e.g. exceptionally well educated parents) that will be able to attain higher levels of education, leading to larger omitted variables bias relative to paternal education levels. Consistent with this intuition, several quasi-experimental studies find that standard multivariate analyses from observational data yield upward-biased estimates of the returns to education, particularly women's education, relative to more experimental econometric approaches (Duflo, 2012; Breierova & Duflo, 2004; Fafchamps & Shilpi, 2014) .
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Finally, there remains a significant knowledge gap on the question of why parental education matters for the health outcomes of the next generation. A small literature has examined whether formal education influences nutrition primarily by imparting literacy and numeracy skills, or whether education empowers women, or whether schooling directly exposes future parents to health information and knowledge (Glewwe, 1999; Webb & Block, 2004 ). Yet, to our knowledge, these various linkages have not been tested with unit-level data for a wide range of countries.
In this paper we seek to sharpen our understanding of the role of education on undernutrition by exploiting the widely used Demographic Health Surveys (MEASURE DHS, 2015) . Specifically, we analyze the linkages between parental education and child health from 134 Demographic Health Surveys (DHS) for 376,992 preschool children from 56 developing countries. These data permit us to address the various knowledge gaps described above. We first address the question of endogeneity biases by comparing a simple least squares model to a model with cluster fixed effects to control for community characteristics, and finally to a model that includes a parent's educational rank within their location-specific cohort as an additional control for unobservable ability or family characteristics, following Fafchamps and Shilpi (2014) , who analyze parental education's impact on non-nutritional health indicators for Nepalese children. We then explore issues of parameter heterogeneity by exploring whether the returns to education vary with household wealth and gender norms, national stunting rates, and a simple proxy for educational quality based on functional literacy. Finally, we use the rich array of indicators in the DHS to explore some of the possible mechanisms that might explain differences in the returns to maternal and paternal education.
The remainder of this paper is structured as follows. Section 2 reviews our data and Section 3 our methods. Section 4 presents our main results directly linking child nutrition outcomes to parental education. Section 5 explores potential explanations of our findings, and their implications for policy. Section 6 concludes.
DATA
The DHS survey instrument focuses on health and basic welfare of women of reproductive age and their children, and is designed to be representative at a national level as well as at urban, rural and subnational levels. The DHS are widely regarded as high quality and are particularly advantageous for multi-country analysis because of their standardization. For this paper we merged all applicable DHS rounds across countries and rounds and standardized relevant indicators.
Summary statistics for the core indicators used in the majority of our regressions are reported in Table 1, while Table 2 reports descriptive statistics for HAZ scores and parental education for each of the five major developing regions, as classified by the World Bank.
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The primary outcome variable for this study is the Z score for height for age (HAZ) of children 25-59 months based on the current WHO norms available at http://www.who.int/nutgrowthdb/en/. Height for age is an indicator of cumulative nutrition and thus a measure of the stock of health that is produced, in part, by the stock of education. In order to estimate the full effects of parental education on pre-school nutrition we excluded children 0-24 months of age, which corresponds to the ''first 1,000 days" of life a period over which most growth faltering takes place (Victora, de Onis, Curi Hallal, Blö ssner, & Shrimpton, 2009 ). Since parental education can influence nutrition through many postnatal as well as prenatal investments, including younger children (0-24 months) in the sample would underestimate the nutritional returns to education, because some of these returns would not have been fully actualized for very young children. For example, parental education might improve child feeding practices in the crucial 6-24 month period (a hypothesis we test below), but measuring HAZ at age 5 months would not capture this mechanism. After applying this important exclusion, we were left with a data set consisting of over 376,992 preschool children from 56 developing countries.
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As expected, given the DHS country selection, the mean HAZ score is a low À1.64, and 40% of our sample of children are stunted (HAZ < À2). Notably, almost 50% of our sample is from sub-Saharan Africa. In contrast, Eastern Europe and Central Asia-where child undernutrition is very low and education levels very high-has relatively few observations. Similarly, the East Asian sample contains surveys from only two countries (Cambodia and Timor-Leste) since other surveys in the region did not collect anthropometry. Thus, this subsample is underrepresented and excluded from some of our regional comparisons. Samples for some regions are also dominated by a few countries. Egypt-admittedly a large country with relatively high rates of stunting-accounts for almost three quarters of the Middle East and North Africa sample, and Peru accounts for just under half of the Latin America and Caribbean sample. Hence the non-representative nature of the selection of DHS countries should be borne in mind when interpreting some of the results below.
The primary explanatory variable in our study is the extent of parental education, as measured by years of formal schooling.
8 Tables 1 and 2 show tremendous variation in parental schooling, as reflected by large standard deviations in Table 1 , and marked regional variations in Table 2 . Unsurprisingly, education levels are easily the highest in Eastern Europe and Central Asia, where virtually all parents have at least completed primary school and gender gaps in education are relatively small. Levels of schooling attainment are also relatively high in Latin America and the Middle East and North Africa (6 to 8 years on average), but much lower in sub-Saharan Africa and South Asia (less than 6 years), where gender gaps are still quite large (1.3 years in the former and 1.6 years in the latter). Trends in parental education by age cohort also show very marked differences across regions. Figure 1 plots mean education levels by parental age cohorts for parents older than 21 years of age. Eastern Europe and Central Asia scarcely show any intergenerational expansion in education (since education levels there were already very Figure 2 looks at the simple bivariate association between parental education and child HAZ scores using local polynomial smoothers with 95% confidence intervals. Two facts are readily apparent from the figure. First, the slope is nonlinear, being essentially flat for the first few years of education, rising gradually until about 7 years of education, rising more steeply until 13 years of education, before flattening out again. Second, the slope is noticeably steep for mother's education. At 10 years of education, for example, there is a 0.2 standard deviation difference in mean HAZ scores between maternal and paternal education. We explore this non-linearity using a flexible approach whereby we pool years of education into 3-year brackets. This bracketing of years of education has the advantage of simplifying the reporting of our results and of broadly corresponding to basic schooling categories, such as the near completion of primary school (4-6 years), attending what is variously termed ''lower secondary" or ''middle school" (7-9 years), attending ''upper secondary" (10-12 years) and achieving some amount of tertiary education (13 plus years).
Apart from basic location and demographic controls (for child age, mother's age and father's age), the other main control variable in our models is the household wealth index, which is of some importance given its strong association with both parental education and HAZ/stunting. While wealth or asset indices are now widely used in the literature (following Filmer & Pritchett, 2001) , one point of note is that we mostly use country-specific wealth indices in this study, which were constructed via principal components analysis. In our regression models we also allow this variable to have country specific impacts. The reason for doing so is because different assets in different economies may have different associations with the latent variable of interest, household wealth. One exception to the country-specific wealth indices is that we use a wealth index constructed from the pooled sample of countries when conducting interaction tests between the wealth and education variables.
Finally, our supplemental results include a number of additional variables used as dependent variables to explore causal pathways between child nutrition and parental education. These are described in more detail below, but include fertility rates, maternal and child dietary diversity scores, health service utilization, and proxies for maternal decision-making/ empowerment.
METHODS
Underlying our analysis is a standard conceptual model with nutrition as the outcome of a health production function in which households combine food, health, and sanitation inputs to produce nutrition and other welfare outcomes under constrained resources (finances, time). The inputs obtained depend on their prices as well as the resources of the household and their preferences for investments in children. The model, however, is only implicit; it is not possible to identify the underlying demand for these inputs with the data at hand. Thus, any estimated production function is potentially biased to the degree that the level of inputs used is correlated with unobserved skills. Therefore, the study estimates a function in which the conditional demand for health in any period is dependent on time-varying demographic characteristics, nonhealth human capital and background characteristics, both of which are time invariant having been determined in an earlier period; assets at birth, as well as local infrastructure (Strauss & Thomas, 2007) . Specifically, our most basic model takes the form:
where N is child anthropometric status, E is a series of dummy variables for maternal and paternal education brackets (superscripts m and p, respectively), H maternal height (which might be correlated with a mother's education), W refer to household wealth, and D refers a series of child and parental demographic characteristics (age, sex of child, rural/urban location), and i, j, and k respectively denote child, cluster and country identifiers. The wealth variables are interacted with country dummy variables (since they are ordinal) as are the child age dummies to allow for the relatively large cross-country differences in child growth processes (Victora et al., 2009) . The coefficients on b m and b p yield information on the nutritional returns to parental education, the extent of nonlinearities in these returns, and whether these returns differ significantly between mothers and fathers. However, as we noted above, there is a concern that since schooling choices are endogenous there is a risk that results linking education and subsequent outcomes may be biased (Duflo, 2012; Fafchamps & Shilpi, 2014) . On the supply side, one legitimate concern is that the placement of schools could be correlated with other factors that influence nutrition, such as general levels of community development and infrastructure, thus leading to inflated estimates of the returns to education. We address this concern by including cluster fixed effects in the regressions.
9 As is often the case, while reducing potential upward bias from positively correlated infrastructure, this step underestimates any indirect influence of community shared knowledge (Basu & Foster, 1998; Alderman, Hentschel, & Sabates, 2003) . Table 1 . These are local polynomial smoothing estimates with 95% confidence intervals (CI).
HOW IMPORTANT IS PARENTAL EDUCATION FOR CHILD NUTRITION?
On the demand side, a significant concern is that unobserved individual and family characteristics simultaneously determine both parental education and child nutrition outcomes, and hence may lead to biased estimates of the returns to education. For example, the education of a parent might reflect innate ability since more gifted children typically progress further in school or receive more investments from parents or educators, or it might reflect intergenerational family values that could influence nutrition independent of education mechanisms. To address this issue Fafchamps and Shilpi (2014) suggest that a parent's educational rank relative to its peers will capture much of the unobservable characteristics that, if omitted, could bias conventional least squares estimates.
10 Specifically, they measure the educational rank of a parent relative to parents of the same age cohort from the same geographical region. We do the same, measuring cohorts in 5-year increments, and using the lowest subnational region at which the DHS is representative (e.g., states, provinces or, in a few cases, districts). Moreover, we rescale this ranking indicator to vary between zero and one in each region-cohort (effectively a percentile), such that the scale of the variable has some interpretation.
Thus, the most stringent of our specification adds both cluster fixed effects (l j ) and educational ranks ðẼÞ to regression (1):
The coefficients onẼ may also give some indication as to the extent of the bias, and we would naturally expect these variables to be positively correlated with nutrition. Moreover, Duflo (2012) and Fafchamps and Shilpi (2014) note that if girls are typically discriminated against in terms of educational investments, then the upward bias on maternal education might be larger than the bias associated with paternal education (more so in more discriminatory environments).
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We also test whether these associations with education are sensitive to the exclusion of wealth, whether they are the same across wealth rankings, and whether the pooled sample results are sensitive to sub-samples. In terms of sub-samples, we first split the sample up into high-and low-undernutrition burden countries defined by a threshold of 30% stunting, our expectation being that education likely matters more for child nutrition in higher burden countries. We then split the sample into ''low-quality education" and ''high-quality education" countries defined by a threshold of 50% literacy (ability to read a complete sentence) among mothers with exactly 5 years of education. Our expectation is that higher quality education translates into larger nutritional impacts, though we acknowledge the limitations of this quality measure, namely that it is primary-school specific and gender-specific (unfortunately, male literacy data are not universally collected by the DHS). In addition to these thematically defined sub-samples, we also divide the full sample into major regions, which vary in terms of both stunting rates, average education levels and education quality.
Finally, we explore whether there are significant gender differences in the estimated effects of education on some of the causal pathways linking parental education to child nutrition. To this end we replace child nutrition in Eqn. (2) with various indicators of some of the more proximate determinants of child nutrition, including fertility (children ever born), dietary diversity of mothers and children, health services utilization, and maternal decision making indicators pertaining to child and maternal health decisions. As with Eqns. (1) and (2), we again test whether the parental education coefficients exhibit significant gender differences. Table 3 reports our core results for the entire sample. Regressions 1, 2 and 3 refer to HAZ score results, and regression 4 takes stunting (HAZ < À2) as the dependent variable. While columns 3 and 4 of Table 3 represent our preferred specification it is instructive to report the results of the more naïve models presented in regressions 1 and 2. Regression 1 does not control for either fixed effects or education rank relative to the parent's age and regional cohort. In this rather naïve regression model the returns to maternal education appear especially high: a child of a mother with some tertiary education would be expected to have a child almost 0.5 standard deviations taller than a child with a mother with no education, controlling for household wealth, child and parental age. In most cases the point estimates on maternal education levels in regression 1 are twice as large as the corresponding levels for paternal education. In regression 2 we add fixed effects to the HAZ model, which controls for community characteristics that might be simultaneously correlated with both school attainment and nutrition outcomes. The coefficients on both maternal and paternal education brackets decline markedly, but more so for mothers (falling by more than half for some education brackets).
RESULTS
12 Finally, regression 3 adds each parent's education rank relative to their age cohort and subnational region. The positive signs indicate that children of those individuals who have more education than their regional and age cohorts have better nutrition, indicating a positive correlation between education rank and the unobserved characteristics such as the ability of the parents to provide health and child care. Controlling for these factors also further suppresses the apparent marginal effects associated with the main education brackets for both mothers and fathers. The highest level of maternal education now only has a marginal effect of 0.21 standard deviations, as compared to 0.52 in the most naïve model. Wald tests on the coefficients reported in regression 3 suggest that at higher levels of education the coefficients of maternal education are significantly larger than those of paternal education. Likewise there is evidence of increasing nutritional returns to maternal education, but no significant evidence of increasing returns to paternal education.
Regression 4 in Table 3 reports the results of a linear probability model for stunting (HAZ < À2), which is analogous to regression 3 with controls for community fixed effects and educational rank. The marginal effects in this specification can be interpreted as changes in stunting probabilities. Relative to the 0-3 year category, a woman with 7-9 years of education has a child who is 2.4 percentage points less likely to be stunted. That is, stunting decreases by 7% of the average over the sample with this level of education. This effect increases to a 4.8 point reduction with 10-12 years of education and 5.5 point reduction for 13-plus years of education. The analogous coefficients for paternal education are smaller: 1.9 points, 2.9 points and 3.6 points respectively. 13 We also note that, consistent with the idea that parental education influence HAZ through postnatal channels, using the full sample of 668,000 children 0-59 months of age generally reduces the coefficients on both maternal and paternal education relative to the 25-59 month sample, often by 10% or more (results reported in Appendix Table 10 ).
Given the relatively modest coefficients on parental education reported in the more stringent regression model in Table 3 452 WORLD DEVELOPMENT (regression 3), the remainder of our analysis explores the sensitivity of this more restrictive model to alternative specifications and samples.
In Table 4 we test for significant interactions between parental education and household wealth. Previous studies have investigated whether parental education might complement or substitute for socioeconomic status (Barrera, 1990; Jalan & Ravallion, 2003; Leroy, Habicht, de Cossío, & Ruel, 2014) . For example, substitution effects might entail educated women in poor households being able to make better nutritional use of limited household resources; alternatively, educated women may not be able to translate better knowledge into improved outcomes if they cannot afford to do so, such that education and wealth are complements. Table 4 tests this hypothesis using linear specifications for parental education and an asset-based poverty indicator equal to 1 if a household falls within the bottom 40% of a wealth index constructed for the entire sample as a whole. In both the HAZ model (regression 1) and the stunting model (regression 2), the sign on the ''asset poor" indicator is negative and positive, respectively, and highly significant in both cases. Moreover, there is a highly significant negative interaction between maternal education and asset-poor, indicating that maternal education and household wealth are complements rather than substitutes. Indeed, the estimated effect is large: being poor erodes almost half the benefit of a given level of maternal education. For poor households there is also no significant difference between the coefficients on maternal and paternal education, although it should be noted that asset-poverty rates in households where women have 10 or more years of education are very low (5% or less). We also note that the results in Table 4 are robust to specifying an interaction between years of education and a continuous wealth index defined in terms of percentile ranking.
Appendix Table 11 also examines the sensitivity of the results in Table 3 to the exclusion of household wealth. In our core results reported Table 3 we included household wealth because inheritable wealth, in particular, might be a determinant of both parental education as well as the socioeconomic status of the household. However, since parental education also likely contributes to household wealth, it is possible that the estimates in Table 3 are lower bounds estimates of the benefits of parental education for child nutrition. Appendix Table 11 shows the expected result: the coefficients on all the education brackets increase substantially, typically in the range of 20-50%. However, the patterns of significant and coefficient magnitudes across education brackets, gender, and specification remain very similar, such that the main conclusions drawn from Table 3 are materially unchanged: the returns to education still appear to be increasing in magnitude, and higher for mothers. Notes: Cluster-robust standard errors reported in parenthesis. Clustering is at the enumeration level * , ** , and *** indicate significance at the 10%, 5% and 1% significance levels respectively. See text for a description of the models and variables. a. This test is a Wald test comparing maternal and paternal coefficients across categories; significance refers to the 10% level or lower. b. This is a test of coefficient proportionality; significance refers to the 10% level or lower.
In Table 5 we present results by some important subsamples. We first split the sample into low-and highundernutrition burden countries, with the division set at stunting levels of 30% (HAZ < À2). There are many reasons why education might matter less in countries with low stunting. Superficially, there is less variation in HAZ in low-burden countries, and often less variation in education, particularly in the ECA sub-sample. Theoretically, the better provision of public services and higher incomes in low-burden countries might also limit the adverse effects of low education. Consistent with these conjectures, the coefficients on maternal education brackets are much smaller in low-burden countries (Regression 1) than in high-burden countries (Regression 2), typically about one quarter of the size. Figure A1 in the Notes: Cluster-robust standard errors reported in parenthesis. Clustering is at the enumeration level * , ** , and *** indicate significance at the 10%, 5% and 1% significance levels respectively. The ''Asset poverty" indicator is a dichotomous variable equal to one if a household's wealth score is below the 40th percentile. The wealth score is constructed from the first principal component of a common set of asset indicators: electricity access, radio ownership, TV ownership, improved floor material, ownership of a flush toilet and ownership of a basic toilet. See the text for a description of the models and other variables used in these regressions. Notes: Cluster-robust standard errors reported in parenthesis. Clustering is at the enumeration level. * , ** , and *** indicate significance at the 10%, 5% and 1% significance levels respectively. The regression models are analogous to regression 3 from Table 3 . a. This test is a Wald test comparing maternal and paternal coefficients across categories; significance refers to the 10% level or lower. b. This is a test of coefficient proportionality; significance refers to the 10% level or lower.
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WORLD DEVELOPMENT appendix provides further corroboration that the coefficients on maternal education tend to vary positively with national stunting rates. The remaining regressions in Table 5 examine the importance of education quality, as proxied by the percentage of mothers with 5 years of education who can read a complete sentence. Figure 3 shows that this measure of quality varies quite markedly across regions. Literacy attainment in Latin America is substantially faster than in the other regions, and notably much better than in the Middle East and North Africa despite the two regions having otherwise similar levels of economic development. In South Asia female literacy attainment is generally better, but unsurprisingly sub-Saharan Africa performs quite poorly (albeit with substantial heterogeneity within the region). Regressions 3 and 4 in Table 5 split the full sample into a lower quality group (Grade 5 literacy < 50%) and a higher quality group (Grade 5 literacy > 50%). The nutritional impacts in the higher quality group are significantly larger than in the lower quality group, though only for maternal education (see also Figure A1 in the appendix). Moreover, the coefficients on 4-6 years and 7-9 years of maternal education are insignificant in the lower quality sample, and substantially smaller in magnitude at higher levels of education. Thus there is some evidence that the quality of education at least matters for maternal education's impacts; it is possible that the same associations would hold for indicators of paternal education quality, but we do not have the data to test this conjecture.
The regional results in Table 6 show variation even with low-and high-burden regions, but the pattern of results seems consistent with educational quality, as proxied by maternal literacy (regional Grade 5 literacy rates are reported at the bottom of Table 6 ). For example, we do not find any significant marginal effects of parental education on nutrition in the Middle East and North Africa, a low-burden, low-quality region.
14 In contrast, Latin America is a low-burden but high-quality region, and there are reasonably high returns to maternal education, but not to paternal education. The maternal education coefficients in the sub-Saharan Africa sample-a high-burden, low-quality region -are similar in magnitude to the Latin America sample, while the paternal education coefficients are mostly significant but still small in magnitude. South Asia is a high-burden, high-quality region, and the coefficients on maternal education are substantially larger than in other regions. For example, children of mothers with tertiary education are predicted to have HAZ scores 0.47 standard deviations larger than children of mothers with little or no education (all else equal), whereas the analogous coefficients for sub-Saharan Africa and Latin America are 0.25 standard deviations. Moreover, even paternal education yields reasonably large coefficients in South Asia, of an order similar in magnitude to the maternal education coefficients in subSaharan Africa and Latin America.
We also estimated regressions for each country in the sample, based on pooling multiple DHS rounds within a country (Table 7) . We did this partly to gauge variation in coefficients sizes and partly to gauge the extent of heterogeneity among country-specific analyses. Table 6 reports a summary of these results. The estimated returns to education vary appreciably in the country-specific regressions. Even after excluding Eastern European and Central Asian countries (which consistently yield large negative outliers in terms of the education coefficients) and countries with fewer than 2,000 observations, the coefficients for higher education for mothers are significant in less than half of the 40 remaining countries. The same is true for paternal education coefficients. However, the average magnitude of the coefficients is larger for maternal education than it is for paternal education, consistent with results from the pooled sample.
DISCUSSION
The results in this paper inform the longstanding question of whether parental education substantially affects the health of the next generation, and whether maternal education has larger effects than paternal education. Unlike previous research on the nutritional impacts of parental education, we provide more rigorous and extensive tests based on proxy controls for cluster, household and individual unobservables that might bias conventional least squares specifications. Like other papers (Vollmer et al., 2016; Desai & Alva, 1998) we find that the addition of cluster fixed effects substantially reduces the estimated returns to parental education, possibly reflecting a correlation of education and health infrastructure. Adding educational ranks further reduces parental education coefficients, with the direction of attenuation consistent with Duflo's (2012) hypothesis that least squares maternal education coefficients are likely to be biased in discriminatory environments. Even so, the additional attenuation from adding educational ranks is modest, and the results still suggest that maternal education has a significantly larger impact on nutrition than paternal education, and that maternal education is characterized by increasing returns, with the estimated impacts of 10-12 years and 13-plus years being disproportionately larger than those of primary or middle school. What might explain these results? One explanation of the small coefficient of primary schooling (except insofar as primary education is a prerequisite for secondary education) is the apparent low quality of primary education services and, thus, a generally poor translation of primary school attendance into nutritionally relevant learning outcomes. Figure 3 demonstrates the strikingly poor literacy attainment for mothers who report completely several years of primary education, particularly in MENA and sub-Saharan Africa. Notes: Cluster-robust standard errors reported in parenthesis. Clustering is at the enumeration level. * , ** , and *** indicate significance at the 10%, 5% and 1% significance levels respectively. The regression models are analogous to regression 3 from Table 3 . a. This test is a Wald test comparing maternal and paternal coefficients across categories; significance refers to the 10% level or lower. b. This is a test of coefficient proportionality; significance refers to the 10% level or lower. Notes: The regressions used to make this table are similar in structure to regression 3 of Table 3 , but are run for each country, including multiple DHS rounds within a country when available. a. Eastern European and Central Asian countries are excluded from these calculations, since they are large negative outliers. We also exclude countries with fewer than 2,000 observations.
WORLD DEVELOPMENT
Of course, these literacy data only really tell us about schooling quality in primary school. The fact that we find evidence of increasing returns to women's education-and large differences between maternal and paternal education coefficients at higher levels-suggests that health care messages and behavioral changes are complex enough to require more than just the most basic literacy and numeracy skills. Keeping girls in school longer can delay age of marriage and first birth, reduce the demand for children, and empower women to make decisions that they might not otherwise make, such as having few and more evenly spaced births, and making better use of modern health services.
To explore this hypothesis further we used regressions similar to regressions 3 and 4 in Table 3 to test whether parental education is associated with a range of behaviors that can influence nutrition (that is, we continue to control for cluster fixed effects and education ranks). Consistent with the results reported in Table 3 , we find that maternal education often has much stronger associations with these outcomes than paternal education (Appendix Table 11 and 12).
15 Specifically, maternal education has significantly stronger associations with the number of children ever born (i.e. fertility), children's dietary diversity (but not maternal dietary diversity), antenatal and post-natal care (columns 1 and 2), and a woman's ability to participate in decisions about her own health care (by herself or jointly). Interestingly, we find no advantage of maternal education in affecting decisions to vaccinate her children or exclusive breastfeeding in the first few months of life, both of which may be more associated with child mortality than child growth outcomes. Indeed, this finding may partly explain Fafchamps and Shilpi's (2015) conclusion that maternal education is not a stronger predictor of child mortality outcomes than paternal education. One might speculate that, at any given education level, fathers care just as much about keeping their children alive as mothers do, but devote less attention to more mundane day-to-day child care practices like feeding children an appropriately diverse diet. In sum, the exploratory results reported in Table 11 and 12 point to a stronger role for women's education in influencing a range of nutrition-relevant behaviors.
Finally, we broach the policy relevant question of how much further expansion of education could contribute to improved nutrition in high-burden countries. Table 8 uses separate stunting regression models for South Asia and sub-Saharan Africa to estimate the predicted reductions in stunting from three scenarios: achieving universal completion of primary school (6 years), middle school (9 years), and upper secondary (12 years). We recognize that the scenarios are only illustrative given that the results used here are derived from cross sectional regression estimates that are not strictly causal, meaning that the true coefficients could be smaller (because of additional omitted variables) or larger (because our approach may over-control for location effects and potentially exogenous effects captured by cohort ranks). Moreover, achieving universal upper secondary education in these regions would be very expensive and unrealistic in the near future. In Africa alone, universal primary school completion is expected to cost USD 18 billion, while universal middle school completion will cost USD 24 billion (UNESCO, 2012) .
With these caveats in mind, these simulations suggest that achieving universal primary schooling-now a widely adopted policy in Africa and Asia-would only reduce stunting modestly, by just 2.5 percentage points. Mandatory middle schooling has a larger estimated impact, reducing stunting rates by 6 percentage points, while the much more ambitious target of universal upper secondary completion would reduce stunting by 10.3 percentage points. Gender differences in the coefficients and in baseline schooling attainment mean that most of these gains come from expanding girls' education.
The simulations therefore suggest that the expected nutritional gains from schooling investments are moderately large, but certainly much smaller than more naïve regression models would suggest. Of course, in both these high-burden regions it might be eminently feasible to increase the nutritional returns to any given level of schooling through improvements in the generic quality of schooling, as well as through improvements in the health and nutritional content of the education curriculum (Glewwe, 1999) . But while substantial research has examined the impacts of nutritional education programs targeted at mothers (Imdad, Yakoob, & Bhutta, 2011; Lassi, Das, Zahid, Imdad, & Bhutta, 2013) , scarcely any research has examined the benefits of targeting nutritional information to adolescent girls-future mothers-through formal schooling (Glewwe, 1999) . More research on this issue is sorely needed.
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We, the authors, declare that we have no conflicts of interest that may compromise the objectivity and rigor of this research. Notes: These estimates are based on three steps. First, we separately estimated regressions of stunting against education levels for high-undernutrition burden countries in South Asia and sub-Saharan Africa, analogous to the HAZ regressions in Table 5 . Second, we estimate mean levels of education by bracket for South Asian and sub-Saharan African DHS surveys post-2005 and parents aged 20-29 years of age (i.e. the most recent generation of parents). Third, we estimate counterfactual distributions of education for the current generation: universal primary parents with 0-6 years of education are now assigned 7-9 years; universal secondary, where parents with 0-9 years of education are now assigned 10-12 years of education; universal tertiary education, where the whole population is assigned 13-plus years of education. Fourth, we calculate predicted changes in stunting rates from these counterfactual distributions and the estimated coefficients derived from step 1. In each scenario we always hold the proportion of parents from higher education levels constant (e.g. in scenario 1 we reallocate parents in the 0-3 and 4-6 year brackets to the 7-9 year bracket, but keep the 10-12 and 13 + proportions the same). Note, also, that since the number of children 0-14 in South Asia and sub-Saharan Africa is relatively similar, we equally weight the results from each region to derive an aggregate for both regions.
NOTES
1. On a more pragmatic level, randomizing education interventions would often be politically unacceptable because of legitimate equity concerns.
2. Throughout the text we use the terms maternal and paternal, even though the data include a mix of biological and non-biological parents.
3. See also Ferre (2009) , who provides quasi-experimental of reduced fertility rates from a 1985 education reform. (1994) is indicative of this widely held view: ''The evidence that mothers channel much more of their income to expenditures on children than their husbands do is overwhelming. Education also increases the willingness to seek medical care and improves sanitation practices. Small wonder that the children of more educated women are much more likely to grow up healthy." In contrast, Duflo (2012) writes: ''many believe that a special effort is needed to educate girls . . . Unfortunately, the evidence for this is not as strong as is commonly believed . . . the automatic presumption that female education is more important than male education for child mortality and for other children outcomes may need to be revised: it seems that both matter."
A quote from form World Bank Chief Economist Larry Summers
5. In contrast, an analogous study of Taiwan by Chou, Liu, Grossman, and Joyce (2010) finds the coefficient of father's education to be only 59% of that for mothers in estimates of neo-natal mortality and 87% for estimates of birth weight.
6. Our sampling strategy involved including as many surveys and countries as possible. We dropped surveys and observations that lacked information on key variables, however, particularly anthropometrics, parental education and age, maternal height, and the asset indicators required to construct a wealth index.
7. This sample size was arrived at after dropping approximately 36,000 observations for which there were no data on paternal education. Since this amounted to less than 5% of the total sample, we dropped these observations from our sample. The inclusion of these observations made no substantive quantitative or qualitative differences to the coefficients on the women's education brackets in regressions that did not include parental education.
8. Maternal education questions are answered by mothers, while paternal education questions are sometimes answered by fathers themselves (if they are interviewed), but sometimes answered by mothers.
9. This not only addresses program placement it also controls for community education levels. These have been shown to have an independent impact on nutrition over the impact of an individual's education (Moestue & Huttly, 2008) . This community effect is, however, still a reflection of education policy.
10. While Fafchanps and Shilpi focus on an upward bias in the coefficient of education due to endogenous choice by indiviudals or households they recognize that the approach may over compensate if the ranking partially reflects temporal or spatial heterogeneity that is casual but exogenous to the household.
11. Our specification also included maternal height which also may independently influence children height and, if omitted, bias coefficients of education.
12. The result that cluster fixed effects have large effects on the education coefficients is similar to the findings of Desai and Alva (1998) who use first round DHS surveys for 22 countries and approximately 13,000 observations. They find that adding cluster fixed effects reduces the education coefficients by as much as two-thirds, and renders more than half of the previously significant coefficients insignificant. One benefit of our much larger sample is that the education coefficients are much more precisely estimated, and thus do not lose significance even with the addition of cluster fixed effects.
13. In further results not reported for the sake of brevity, we also tested results for different stunting cut-offs, namely severe stunting (HAZ < À3) and mild stunting (HAZ < À1). We found modest changes relative to Regression 4 in Table 3 . Upper secondary education seems somewhat more important in reducing mild stunting, and primary school somewhat more important in reducing severe stunting. These results are consistent with poorer and more malnourished households having parents who had little access to secondary education. Note that we also estimated results with Probit regressions, but these were very similar to the linear probability model results.
14. Previous research on Egypt-which dominates this sample-has also noted the weak relationship between parental education and undernutrition in this region (El-Kogali & Krafft, 2015 Source: Authors' estimates from DHS data. See text for details. Notes: Cluster-robust standard errors reported in parenthesis. * , ** , and *** indicate significance at the 10%, 5% and 1% significance levels respectively. The regression models are analogous to regression 3 from Table 3 . 
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Available online at www.sciencedirect.com Source: Authors' estimates from DHS data. See text for details. Notes: Cluster-robust standard errors reported in parenthesis. * , ** , and *** indicate significance at the 10%, 5% and 1% significance levels respectively. The regression models are analogous to regression 3 from Table 3 . a. This test is a Wald test comparing maternal and paternal coefficients across categories. Figure A1 . Country-level estimates of the average marginal impacts of maternal education on HAZ 1 against stunting rates (Panel A) and grade 5 literacy rates (Panel B). Notes: Average coefficients refer to the average of coefficients for the 7-9, 10-12 and 13 + education brackets for maternal education.
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